HEARSOH - £ 015 - F05H - 2024 £ 10 A DOT: https://doi.org/10.12349/eri.v1i5.4380

Research on Performance Analysis of Deep Learning
Algorithms in PyTorch Image Recognition

Yongxiang Hu
Jiangsu Vocational and Technical College of Finance, Huai’an, Jiangsu, 223003, China

Abstract

With the rapid development of artificial intelligence technology, image recognition technology has become an important branch
of modern science and technology, widely used in security monitoring, automatic driving, medical diagnosis and other scenarios.
PyTorch, as a popular deep learning framework, has demonstrated excellent performance in the field of image recognition with its
dynamic computation graph, efficient GPU acceleration, and strong scalability. This paper uses PyTorch framework to study and
analyze the performance of deep learning algorithm in image recognition. The selection and pre-processing techniques of data sets,
including normalization, data expansion, size adjustment and batch processing, are introduced to provide high-quality input data
for model training. In deep learning model design, convolutional neural network is adopted, and CNN is used as the infrastructure
for model training. Through the actual test, the designed model can realize image recognition well, and has efficient learning and
generalization ability.
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