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Abstract

In response to the existing visible light positioning technology that relies on various sensors and complex algorithms to achieve
positioning, which is difficult to implement and susceptible to interference, a fusion algorithm of image matching and visual word bag
model is proposed for visible light indoor positioning. Extract image features from the collected image information using accelerated
robust feature algorithms, and construct a visual word bag model using k-means clustering algorithm for training and localization
testing. The results indicate that at a height of 0.8m x 0.8m X In the 0.8m experimental environment, the average positioning error of
the paper’s positioning method is 4.8cm, 64.4% of the test points have positioning errors less than 4cm, and 80% of the test points
have positioning errors less than 6cm, achieving stable and accurate indoor positioning.
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