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Archive Seal Detection and Extraction
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School of Automation, Nanjing University of Science and Technology, Nanjing, Jiangsu, 210094, China

Abstract

Archives contain valuable historical information and must be properly preserved. However, traditional archival materials are
susceptible to damage from water, fire, and mold, making long-term storage difficult. To address this issue, a digital archive system
has been established for management. Therefore, effectively storing, detecting, extracting, and utilizing archival information has
become a focus of attention for people. This paper combines the analysis of specific requirements in the digitalization system of
enterprise company archives and studies the seal extraction function on archive images. Aiming at the position recognition of archive
seal images, YOLOV9 is proposed for seal image object detection; A seal extraction method using U?-Net was proposed for archive
seal images. Through a two-stage approach of object detection and image segmentation, seals on archival images can be effectively
detected and extracted.
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