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A review of research on multilingual offline signature
authentication technology: challenges and innovations in
cross lingual writing features
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Abstract

Offline handwritten signatures, as an important carrier of biometric recognition, have significant application value in the field of
identity authentication in multilingual environments. This article systematically reviews the research progress of offline signature
authentication technology for Chinese (Chinese, Uyghur, Kazakh) and English, with a focus on analyzing the core issues of cross
language feature extraction and anti-counterfeiting technology. Analyze the morphological differences of different writing systems
(block characters, Arabic letter variants, Latin letters) and summarize the limitations of existing monolingual authentication methods
based on the offline signature authentication technology for multiple languages including Chinese, Uyghur, Kazakh, and English. The
study provides technical support for the certification of cross-border documents along the “the Belt and Road”.
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