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Abstract

[Objective] This study utilizes the Google Earth Engine (GEE) platform to analyze Sentinel-1 and Sentinel-2 satellite imagery data,
evaluating the effectiveness of different satellite features in land cover classification tasks. The research aims to establish an efficient
automated feature optimization framework on GEE to obtain more representative feature sets. [Methods] Taking the area near Lake
Trasimeno in Umbria, Italy as a case study, we employed Jeffries-Matusita (JM) distance to assess feature discriminative power and
combined it with correlation analysis for feature selection. [Results] The study found that the average JM value showed a significant
positive correlation with the Kappa coefficient of classification accuracy (correlation coefficient = 0.53). [Conclusion] This research
demonstrates the effectiveness of building an automated feature selection framework on GEE, which can enhance the performance of
land cover classification tasks. The findings provide effective methodological support for remote sensing data feature selection and
classification accuracy improvement.
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